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Abstract 

Since 2022, there has been a revolution in Higher Education Institutions (HEIs) called Generative Artificial 

Intelligence, or Gen AI. Gen AI is based on algorithms that are created to help it learn patterns from large 

sets of data to produce new content. While other technology, such as the personal computer or the Internet, 

has been introduced into HEIs, Gen AI has led to heated academic debates and opposed positions regarding 

its place in HEIs and its use by students and faculty members. For example, some argue that Gen AI has 

become more trustworthy and reliable, while others critique Gen AI’s inability to do critical thinking or 

complex analytical tasks. ChatGPT and other technologies have been labeled ‘disruptive innovations’ that 

could revolutionize academia. Of the many examples of Gen AI, one of the most prevalent is ChatGPT. 

This study will investigate one of the lesser-researched areas in the research thus far, i.e., prompt 

engineering. Previous research has defined prompt engineering as the strategic means of producing the 

ideal prompt that will help the user to achieve a specific goal. Gen AI functions by giving a detailed 

response according to instructions in a prompt. No prompt means no output. Nonetheless, there are best 

practices to consider when drafting the prompts. According to the literature, effective prompts are based on 

clarity, specificity, and context. Thus, we drafted ten versions of the same prompt, and ChatGPT drafted 

ten to gauge if both sets of prompts were equally effective. A content analysis was conducted to evaluate 

the effectiveness of the prompts. The prompts were also assessed using a rubric based on three 

criteria – clarity, specificity, and context. All twenty prompts were compared to create a ranking of prompt 

efficacy. We found that several of our prompts ranked higher than those created by ChatGPT. From the 

results, our prompt ranked first with a perfect score of 30, although the scores for all prompts were quite 

close. To conclude, we will share best practices for using prompt engineering in HEIs and tips for writing 

better prompts.  

Keywords: Prompt engineering, Generative Artificial Intelligence, ChatGPT, Higher Education 

Institutions (HEIs), academic writing. 

1. Introduction

The history of using technology as a learning tool has followed stages from Web 1.0 (PC Internet) 

through Web 2.0 (mobile Internet stage) and continuing to Web 3.0 (metaverse and future form of Web) 

(Wang et al., 2023). In the early stages (before 2010), it was not that popular, but in the development stage, 

from mid-2010 to 2022, AI algorithms emerged and began to grow rapidly (Wang et al., 2023). In 2022, 

the technology reached a new high, flourishing stage. The use of this technology at each stage has become 

prevalent in Higher Education Institutions (HEIs). Generative Artificial Intelligence, or Gen AI, is one of 

the most debated technologies. Gen AI is based on algorithms that are created to help it learn patterns from 

large sets of data to produce new content (Wang et al., 2023). Open AI was established in 2015 to develop 

public tools such as ChatGPT; in simple terms, ChatGPT is a highly sophisticated chatbot based on Large 

Language Models (LLMs) that can answer almost any text-based request as they are based on an 

exceptional amount of data to train them (Lund et al., 2023). Gen AI functions by giving a detailed response 

according to instructions in a prompt (Wu et al., 2023). 

According to the literature, prompt engineering is defined as ‘crafting optimal prompt to achieve 

a specific goal with a generative model” (Amatriain, 2024, p. 3). Effective prompts could include 

instructions, in-context examples, descriptions of features in the dataset, and questions to encourage fair, 

unbiased prompts (Li et al., 2024). Heinig (2024) suggested that the most effective prompts are based on 

clarity (i.e., concise, brief, and easy to understand), specificity (i.e., clear and detailed), and context 

(i.e., based on relevant background information). Amatriain (2024) suggested that credibility can be 

Education and New Developments 2025

425

https://doi.org/10.36315/2025v2end093



evaluated by prompting LLM to produce multiple answers to the same question. Thus, this study will 

investigate one of the lesser-researched areas in the research thus far, i.e., prompt engineering through the 

lens of clarity, specificity, and context (CSC).  

 

2. Methods 
 

To analyze the clarity, specificity, and context of effective prompts, we began by drafting ten 

versions of the same prompt. We then tasked the paid version of ChatGPT to draft ten prompts to gauge if 

both sets of prompts were equally effective. A content analysis was conducted to evaluate the prompts' 

effectiveness and gauge if both the human and the Gen AI-produced prompts were equally effective. Gen 

AI was then used to create a ranking of prompt efficacy separately and then combined. 

Table 1 shows the ten prompts from the researcher and ChatGPT. To save space, only the sentence 

that differs appears on the table. The full prompt read:  

Write a 500-word response to the following position: "This paper argues that hoteliers promote 

the human-touch, thus, robots cannot replace humans." The response must include 5 academic journal 

articles used in-text and on a reference list in APA 7th edition format.  

 
Table 1. Ten prompts from the Researcher and ten from ChatGTP. 

 

 
     Source: OpenAI, 2025. 

 

From Table 1, the length of the examples is the most flagrant and immediate observation. The 

Researcher’s ten prompts resulted in 198 words total compared to 290 words for the ChatGPT output. The 

Gen AI output added superfluous and overly complicated word constructions that did not contribute to 

better prompts. When asked whose prompts were more effective overall, ChatGPT confirmed that the 

Researcher’s prompts were better. ChatGPT admitted that the variations it provided were too verbose: My 

variations use more complex phrasing, such as “This analysis proposes” or “The research argues.” While 

this may seem more academic, it can also introduce ambiguity and make the argument less direct. In 

academic writing, clarity often outweighs complexity, especially when discussing industry-specific topics 

(OpenAI, 2025).  
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3. Findings / discussion 
 

The Researcher tasked ChatGPT with the creation of a rubric to rank the outputs: Create a rubric 

to evaluate all twenty prompts that focuses on the following three criteria: Clarity, Specificity, and Context. 

Grade each of the prompts on those three criteria and rank them.  

 

Rubric for Evaluating Prompts 

ChatGPT: I will create a rubric based on the following three criteria: Clarity, Specificity, and Context. 

Each criterion will be scored on a scale from 0 to 10, making the total score out of 30 for each prompt. 
 

Table 2. Rubric for evaluating prompts. 
 

 
                           Source: OpenAI, 2025. 

 

Table 2 shows the specific criteria created by ChatGPT to evaluate the prompts. ChatGPT's 

definition of clarity focuses on 'straightforward, direct language,' which mirrors Heinig's (2024) criteria of 

'concise, brief, and easy to understand.' Specificity for ChatGPT includes 'detail' and 'precision,' which 

concurs with Heinig's 'clear and detailed criteria (2024). Finally, ChatGPT's definition confirms Heinig's 

(2024) proposition of providing relevant background. In fact, ChatGPT elaborates on the industry and links 

strongly to the prompt when mentioning the human touch. Thus, ChatGPT can create criteria similar to a 

human for the definition. However, the point allocation for scoring is a bit fuzzy. What would differentiate 

a seven from an eight if the criteria were applied? To mitigate that issue, a human faculty member could 

rework the scoring to be more user-friendly for their grading.  
 

The Researcher then requested ChatGPT to assess all twenty prompts using this rubric.  

The ranking of the 20 prompts goes as follows:  

    
Table 3. Grading of the 20 prompts (together). 

 

 
   Key: Your variation= Researcher    My variation: ChatGPT 
   Source: OpenAI, 2025 
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While it was not necessarily expected, the versions from the Researcher and ChatGPT both had 

five examples in the top ten. Nonetheless, the Researcher’s versions would, overall, score more points. 

When asked to explain this phenomena, ChatGPT responded that the Research versions were clear and 

direct, consistent and focused, and relevant to the industry (OpenAI, 2025). ChatGPT’s more detailed 

response was the following:   
 

 
       Source: OpenAI, 2025. 

 

ChatGPT further elaborated on why its scores would be lower, citing complex phrasing which 

could lead to greater ambiguity, less consistency in actionable recommendations that could weaken them, 

and a lack of logical flow which reduces the effect of the prompts (OpenAI, 2025).  

Further, when asked, ChatGPT provided a critique of each of the 20 prompts as seen on Table 4.  
 

Table 4. Comments on the 20 prompts. 

 

 
               Source: OpenAI, 2025. 

 
ChatGPT’s comments on its reasons for ranking merit further analysis and reflection. With an 

equal number of highly ranked prompts from the Researcher and ChatGPT, it was necessary to try to gauge 

why one prompt was ‘better’ than another. While the Researcher’s prompts were criticized for language, 

weak flow, and simplicity, ChatGPT’s versions had weaker arguments, call to action, and 

recommendations.  
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4. Conclusions / limitations / future studies 

 
Based on the results of this study, a writer may wonder why ChatGPT would not provide ‘perfect’ 

examples each time; in fact, the question remains: why did ChatGPT not provide better examples than a 

human? One response derives from the method in which Gen AI produces output: For example, ChatGPT 

uses a simple information processing method, i.e., it predicts the next possible word in a sentence  

(Wu et al., 2023). There is no magical, technology-writing genius behind the screen. The technology does 

not think; it does not reflect; it does not try to help one writer over another. Thus, some writing output from 

GenAI may produce harmful or biased content (Tiulkanov, 2023) because the technology cannot think  

(Li et al., 2024). In fact, output may not be truthful because it cannot care if it is truthful or not and is not 

predictable about how or when it lies (Tiulkanov, 2023). Moving forward, to create more effective prompts, 

users may choose to focus on Heinig’s (2024) three criteria: Clarity, Specificity, and Context.  

This study was limited in its depth. Twenty prompts may not be sufficient to draw profound 

conclusions. Nonetheless, this gave a first glimpse into the efficacy of prompt engineering. Thus, a future 

study could elaborate on this initial study by drafting hundreds of examples by one or several researchers. 

The ranking was done uniquely by ChatGPT. A further study could include the Researcher and ChatGPT 

both ranking the prompts to compare their responses. Finally, ChatGPT was the only Gen AI used in this 

study. While it is free and easily accessible to all (which is why it was chosen), many other Gen AI could 

have been used. A study could be conducted using several Gen AI and comparing how they differ in their 

output and results. 
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